
"� $���(����!

+

�&>+M�0/?=A1

���������� ��9*+GC8+M



'����)�,�& $%���������	
+
��"�*�-�# $� � $�
� $�+�	�������������

���
�	���
�

� ���)�,�%���&'*"-&'�(-)���#!

'&�)+7�H#6O$FI5���D� 3
	�P
	��P���
P
�	�
P�	 P�
�P�P��B�2

��	�P	���P
		� P���
P
�	�
P�P��B&L�H%6O,@�Q�4�"�&-E;>+(KN<P

&-J:=$G�N<P�>M�.�NBN<!�NQ

https://mmlab-iie.github.io/


SHT:[AMPb�

SHAM`PbI@�

SHAM`XM2-�

SHAM`E$7?�

����

!8a9[R)0O�



Idsx
#�]<5



0)`Idsx!

�ä%%ŌĚ¶ ¦Ĕ%%u�Ë ēä%%Åłc



'0)�9Idsx!



'0)�9Idsx!

øčƵơ

ēǔƘǝ

eǁƔƲ

Ƶơ�ƾ ƼƧ�Ǘ ǵǈ�� žìǜȎ

ǔƎŏƳ ÷·ƔƲ ǖûĮÛ Şƺ[s

]Þ³ýğ ]Ò|ÒŻ òħ¶ǆ hǑÙĚ

��ĭ

èȓº

ūȏġ



IdsxoEc�g

½ī)Ğ¡Ĕ�v¸(ÎUĔ�À.

½ȂKĞ¡³ĮqÝ(Ă�Ĕ�a^

½�KĞ¡ēäv`(ĐúŇÎ/H



Idsx8¢+���CmC$

yźȔy

Ʈg�ĝō�����

ǷyźòħƟĭ

Ʈg�\ō�����

ȧàǵĒŔ�+,(

Ʈg�Ôō�����

Ȕyź�źĶƮg

Ɲĸ�ĝō�����

®Ț]ĒŔ�+,(

ŷůƭċUȘƵơ

Ƭȅ�ǇÅǛù

ȈóȑJ½Í�
ǇJŶş-;5+05.D

���� ���� ����



Idsx8¢+���y�{�]o�m

Ĕ�³Į Ĕ�W� ûìë> a^Ø� ÜĘĘļ ŋ�ĵõ
��������� 
���!������ ��������� 
��������� �"����������� ����� ����

��� �
�

	 � � � 
 �

ť�$670*�
• yźȔy
• ȧġ±Ź
• Ȉũşó

uģǾ�ƴƿ�
• �+,( �09:
• �(:/��09:
• �5.309/��09:

ť��,:/6+�
• �6<,3 ,56;./�
• �66+�,56;./�
• �,(90)3,�,56;./L

žǜ�ƹ�
• �6478,/,590<,
• #:8,5.:/�&,(25,99
• �6=�&/,5�&/>�



U2o�]=,0)��!

ǔŹÅyź�ĭƴǉȭ}ūſ]ǢȖG



U2o�]=,0)��!

ƶėŀO¹ú yźėŀO¹ú ŸªũėŀO¹ú

ĭƴȩƅǉ¯ȧàĐJ\ũĐ]�G



U2o�]=,0)��!

ĭƴƷ�Ȥť[sǗāŃŭG



U2o�]=,0)��!

ĭƴ #:68> ŁǥȧǼŖƓG



U2o�]=,0)��!

ǉȭƫǘJƷ�¦ų+,(+305,G

ü¬¹úċô 8Ĺ¼Ǣ��



U2o�]=,0)��!

]ȏ{ĭƴŮÆȝ^ƮŲG

KĭƴđdMQþiOņê



U2o�]=,0)��!

÷¿K�����}ǗāŃŭȕsz�����}ĭƴƒŐG



U2o�]=,0)����M�

ēÙ~LÚ[¹úċŏOÐÝ2ĝĿ'

¹úŋàċmň�¤(0Ï¤2V'

¹úý^ŇÎ/HĔ�ÂÒ'

¹ú ���# ÁĠňıÈç'

2ľN¹úÓ�Ń3ôÕ'

ċŏóĕ(ý^gÖ��������'

&

PbI@

XM2-

E$7?



U2opf���
�D(�3�@a�

Ǘā�Ǉ ȞǟÔǩ Ȟǟŕď

áƙØƉČ/
�ĴƢ

CVPR, ICCV, ECCV, ACM MM, ICASSP, ICMR, 
ICME
ș¾�ĴƢuÔ(ChinaMM)
ș¾ĽƂſ\ǷáƙØƉČuÔ(PRCV)

TIP, IJCV, TMM, PR, TCSVT,
TOMCCAP, CVIU
�����������
�������	������
�����

ȧŦǸǙkĜ

ACL, EMNLP, NAACL, COLING, CoNLL�AACL
ţ¾áƙǸǙǔuÔHCCLI
ţ¾ȏſƪŔǷǸǧáƙuÔHCCKSI
CCF¾ãȧŦǸǙkĜǷșƴáƙÔǩHNLPCCI
ţ¾ØŚ�ǪǗƟÔHCWMTI

TACL, TASLP�TALLIP�
Computer Speech and 
Language

ØŚǔƻ�
ũ²ȗń

NeurIPS, ICML, ICLR, IJCAI, AAAI TPAMI, TNNLS

Ɛćƭċ SIGMOD, SIGKDD, VLDB, ICDE, SIGIR,CIKM, 
WWW, WSDM TKDE, VLDBJ, TKDD

��������	�����	������
�



Id�]
+<5��



1tI��`BXxc���
���C� ���C�

ąñĦǹŝǚJƞƚUȘƵơ ȣȝĦǹŨ�Jøč[ĺƵơēǔƵơ

ȠȟÄǋƤȆJĈœƆǎ�� İpŨķ��JĽǌȄģǏ£øč��

bca`b _]_]
dhqomgmknqpjli\_]^^



1tI��`BXxc���

��	%� ��	%�

• ûì�a^�ÜĘ(Ć��ħ

• ƵơKǵĜǵćJȪ¸ĈƢ

• ��Kȋ�ƵơŵáJĵǢ^ŵáľZļť

• žǜKȋ���ȝǢȎļJȋ��ØȝǢ�ƹ

• ƵơKuå�ȀǗāJƜǥƶǗā

• ��K9:,7���9:,7���9:,7	

• žǜKszĤ#�$�JŤ��ƹ

• ûì�a^�ÜĘ(l÷Èç



�{�]o�T

u .ì)BČRĬĔ�ÂÒOhYÃ°

u Ĵę).ìO¨=

u ĥĖ)ĴęO¨=

u Ćsnŏ)ĥĖĄĩnŏOćĂ�×

u Ĕ�a^)ĥĖ¿Ď4bOćĂ�×

u ÜĘbĀ)ĥĖ¿ĎĊxOćĂ�×

u ŋ�ĵõ)�yÜĘĘļ�mO�¹

u5¥úą)Ļú>ĄO*ĸjÞĥĨ



�{�]o�T��f�
6!UD�#%3��1('�

!ĦúďÞv`

!ĭĖ�¯��

!`öIĉáK

4"K

!_ħ}čûì

!ï>�äBČ

!+�ľÝ9Ì

!ġī�ĢA1



�{�]o�T��f� ������������

Zero-Shot Text-to-Image Generation  (DALL·E, arxiv 2021)

BERT: Pre-training of Deep Bidirectional Transformers for Language Understanding
(NAACL 2019)

Sketch, Ground, and Refine: Top-Down Dense Video Captioning (CVPR 2021)

CogTree: Cognition Tree Loss for Unbiased Scene Graph Generation (IJCAI 2021)

Evolving Attention with Residual Convolutions (ICLR 2021)



�{�]o�T��f� �����������

From shallow to deeper: compositional reasoning 
over graphs for visual question answering

PERT: adaPtive Evidence-driven Reasoning neTwork for Machine Reading 
Comprehension with Unanswerable Questions

Graph Neural Networks for Image-Text Matching

A Plug-and-Play novel Tree Loss Function for Unbiased Scene Graph 
Generation based on Upgraded Transformer framework 

Understanding like humans:  multimodal representation for the visual 
information in visual dialog

J=
.�

#2
-�

BV
;�

B&
Q�

JF
Z�



�{�]o�T��Y�

6!UD

!.ìO¨=$ĥĖOe§

!zfW�$±R$ĊxP

!���CŎĪ

!º�Êā



�{�]o�T��Y�
2020 CVPR



�{�]o�T�Y�

SGG���L^	qJa¤

SGG'$�NK	|c(a¤�38

�}'$�I@	�2y�

�}�Kv/,	
/B�2x-->%nly�-->�7\�

�}'$�YG	
• [��0�1&o�
• [��2���SOTA

Unbiased Scene Graph Generation from Biased Training
2020 CVPR



�{�]o�T��Q�

6!UD�\U*>]�

!Ĕ�,�ĬíĶ

!ë>ûìĬİĤ

!ĆsnŏĬ2ō

!-úĔ�è¶

!-úńępą



�{�]o�T��Q�

��	%� ��	%�

• ûì�a^�ÜĘ(Ć��ħ

• ƵơKǵĜǵćJȪ¸ĈƢ

• TÿcƏąñț�

• ƵơƠiļťĈƢ

• ąñǗā�ØJȩ÷ƾȢƵơ

• ×ǶǗā�ØJ¤ƏǗā��

• ĺǇĦǹǐšJO©ĭƴµƿ

• ��Kȋ�ƵơŵáJĵǢ^ŵáľZļť

• žǜKȋ���ȝǢȎļJȋ��ØȝǢ�ƹ

• ƵơKuå�ȀǗāJƜǥƶǗā

• ��K9:,7���9:,7���9:,7	

• žǜKszĤ#�$�JŤ��ƹ

• ûì�a^�ÜĘ(l÷Èç



�{�]o�T��Q�
2020 IJCAI 



�{�]o�T��Q�



�{�]o�T��Q�

&2�@[��"!�WY

P4[�?&26'U 

���&2�>WY

5)&2WY[�=�>
F([fe`XJ8O
"![�
�H8O



�{�]o�T��q:O5

6!UD

!E2îøY�bńì

!îĝńìa^w«

!ŋ�ûì

!ĥ>-Ĕ�OË0~pą



�{�]o�T��q:O5
��8O6KLW<&2

KLW<&2

�+�9AEC&2



�{�]o�T��^h

6!UD



�{�]o�T��^h

��	%� ��	%�

• ûì�a^�ÜĘ(Ć��ħ

• �ØKǵĜǵćJȪ¸ĈƢ

• ��Kȋ�ƵơŵáJĵǢ^ŵáľZļť

p °ćț�JțǊȫȐ��úŴƔĪ

p ZơÅƪƩilǊǎÅț�JǂÌÊǮ

p ĵǢ^��ŵá�ǵĜĔǣ

• žǜKȋ���ȝǢȎļJȋ��ØȝǢ�ƹ

• �ØKuå�ȀǗāJƜǥƶǗā

• ��K9:,7���9:,7���9:,7	

• žǜKszĤ#�$�JŤ��ƹ

• ûì�a^�ÜĘ(l÷Èç



�{�]o�T��^h
2020 IJCAI 



�{�]o�T��^h

• .Y;�%3�T:
• ISVR�G
• �$�G

0��T:Z	�@F�6�*�7.

��T:��.Y

#��@/�NM�Q



�{�]o�T��^h�K7>e�

Seeing Is Knowing! Fact-based Visual Question Answering 
Using Knowledge Graph Embeddings

arxiv



�{�]o�T��^h�K7>e�
Transformer Reasoning Network for Image-Text Matching and Retrieval

2020 ICPR

Structured Multi-modal Feature Embedding and Alignment for Image-Sentence Retrieval
2020 ACM MM



�{�]o�T��K�

6!UD



�{�]o�T��K�

��	%� ��	%�

• ûì�a^�ÜĘ(Ć��ħ

• ƵơKǵĜǵćJȪ¸ĈƢ

• ��Kȋ�ƵơŵáJĵǢ^ŵáľZļť

• žǜKȋ���ȝǢȎļJȋ��ØȝǢ�ƹ

• �¹ăĐ

• ßÜĽ;

• 6Db½

• ƵơKuå�ȀǗāJƜǥƶǗā

• ��K9:,7���9:,7���9:,7	

• žǜKszĤ#�$�JŤ��ƹ

• ûì�a^�ÜĘ(l÷Èç



�{�]o�T��K�

�1&2�=�@

5)&2�=�1B-�,

������



�{�]o�T��K�

Variants��

��D��1�,

�
	����



�{�]o�T��K�

���������	����



�{�]o�T��K�
 (8(4,:,8��5(3>909

ŖƝǐǟǜȎ}žǜ

• �ÎńġH±�]ƦŪƸI

• Ą_ĽĖǈ¿ǜȎ

• rȀ}Ąǀǎ

• D



�{�]o�T��K��K7>e�
Transformer Reasoning Network for Image-Text Matching and Retrieval

2020 ICPR

őèȔZĻƏ #�$�žǜ

ĔƉÎžǜ



�{�]o�T����

6!UD

!~ĴęOË0)�yĘļ�O�¹

!�×ù©nŏ



�{�]o�T����

ªE.¬
v��2

sZI�
£Z'�

sZ�=
�p'$

Conclusion



�{�]o�T��?�]k

6!UD

!2ğµ(7Í

!*ĸ�ģ�Ç£�UjÞ

!:�Gÿ)Iĉċ$Í<�éċ$µċ$¾ŉGÆ



�]<5@8Z�v

ř�Ǘā

 861,*: #30+,9

ĒŔžǜ÷¿

 (7,8���8(4,=682

ƮŲžǜ

 (7,8���8(-:

ƮŲžǜD ƮȌǗā

 (7,8��",<09065  (7,8��#;)4099065

�,(+305,Ǣǽŝƕǽŝ ǢRǽŝ ǢȜŝ

ü £žǜ
ü £ĮÛ
ü £ǸǙ
ü £ƪ[
ü £���o

ü Ȟǟµƿ
ü ��ėé
ü žǜŃŭ
ü ȡǉǬǙ

ü �% "
ü ƉČ�ǸǙ
ü ƉČƵt

ü ŃŭƮȌ
ü žǜ�¥
ü SÂƪ[



3��]G4VN'a��]!
6!I@

!9�X}�"�

!X}u\c��9�X}

!sZ49�X}.¬�c�

!+H'$

" ±æƥǱ}ėé

" ±æǲÎ}Ľǌ

" ŜǤzŖƝŪƸ

!O�l�

" ȄæƐćÜ@�V��@�VŪƸ

" ±ţĺ@ŷů�ƹ

!zhYp

" Tÿ@Ƶơ@Ľǌ@žǜ±æǄƽ



r�&7H
5WAM������

C<AM������



r�&7H
5WAM������������� C<AM�������������



r�&7H
�ģ¹ú������������� Ç£¹ú�������������



r�&7H
5WAM�
���������

C<AM�
���������



r�&7H
C<AM������������



r�&7H
C<AM������������



r�&7H

C<AM������������



Id�]
+�]��



zio��

żǢ´

Q�ĿŮÆ`ńȬëw}[sȧà}ǦƔłL
A�ű�É]ǯǅĊȦ[s}_�Jţ_ű�G

It is impossible for us to accomplish the transformation of the whole 
society overnight
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We  compare  our  single-model  results  with  previous  best  published  
results  on  VQA/GQA  test-standard  sets  and  NLVR2 public  test  set, 
and did one or two times.

We  compare  our  single-model  results  with  pre-vious  best  
published  results  on  VQA/GQA  test-standard  sets  and  
NLVR2public  test  set, and tried a couple of times.
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As we know, the channel gain varies much more slower than the 
channel phase, and we have thousands of ways to prove it.
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As we know, the channel gain varies much more slower than the channel phase.
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Obviously, the channel gain varies much more slower than the channel phase.
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Now, we could use CoTNet model to predict the result of that dataset.
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Abstract:
XXXXXXX   each per_x0002_formed by a Graph-based Read, 
Update, and Control (GRUC) module that conducts parallel 
reasoning over both visual and semantic information and XXX can 
XXX. XXXXXXXX
Related Wordk:
XXXXXXXX , But our GRUC can reasoning reasoning over both 
visual and semantic graph that can XXX. XXXXXXXXXX
Methodology:
XXXXXXXXX, our GRUC includes two modality visual and semantic, 
which can XXX SO GOOD!. XXXXXXXXXX
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VS ((x^3 + y+3)/2)^(1/3)1. 

2
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More �https://github.com/jiqizhixin/Artificial-Intelligence-Terminology-Database/blob/master/section/Machine%20Learning.md
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Adaptive Moment 
Estimation Algorithm Adam Adam;�

Artificial Neural 
Network ANN 4�6">+

Autoencoder AE O�,1

Back Propagation BP �A	�

Long Short Term 
Memory LSTM ��0 E

Maximum Likelihood 
Estimation MLE ��:3��

Memory Network MN  E>+

Multi-Layer 
Perceptron MLP ���I�

Adaptive Bitrate 
Algorithm ABR O8F�<*;�

Agent - L/=

Attention Mechanism - MD)�K
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Boltzmann Machine — ��N-�

Classification And 
Regression Tree CART �(G��9

Classifier - �(1

Confidence - JB

Context Window - 5@?
&

Convolutional Kernel - #��

Convolutional Neural 
Network CNN #�6">+

Cross Entropy - !�P

Feedforward Neural 
Network FNN 2'6">+

Gated Recurrent 
Unit GRU .%C��H

Generative 
Adversarial Network GAN 7��$>+
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